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Abstract 
In the contemporary digital era, characterized by rapid technological advancements 
and the widespread utilization of big data analytics, concerns have emerged regarding 
the capacity of small and medium enterprises (SMEs) to maintain their 
competitiveness and enhance their innovation performance (IP). Addressing this 
research gap, this paper delves into the adverse role played by big data analytics 
capability (BDAC) in moderating the relationship between digital innovation (DI) and 
IP. The research methodology involved the analysis of data using structural equation 
models (SEM), employing the smartPLS-4. Data collected from manufacturing SMEs. 
The findings of this study reveal that digital platform capability (DPC) significantly 
mediates the connection between DI -> IP and digital transformation (DT) and IP. 
Additionally, DI, DT, DPC, and BDAC exert substantial, direct, and positive influences 
on IP. Moreover, BDAC emerges as a significant moderator in the relationships 
between DPC -> IP and between DT -> IP. The impetus for this research stems from its 
practical relevance, particularly in the context of supporting SMEs in their adoption 
of digital transformation and the Technology Acceptance Model (TAM). These findings 
not only enrich our understanding of the contributions of DT, DI, DPC, and BDAC to a 
firm's IP but also challenge the prevailing notion that BDAC invariably enhances 
performance, as it can also attenuate the relationship due to its 100% integration, 
leading to a reduction in DI and DPC 
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1. Introduction 
In the contemporary era of digital innovation and transformation, businesses are engaged in 
a fervent race to integrate cutting-edge technologies into their operations. These 
transformative technologies have reshaped the landscape in which SMEs operate, influencing 
not only how they conduct business but also how individuals live and interact. For SMEs in 
developing countries, navigating this competitive digital terrain poses a formidable challenge. 
These enterprises are driven by a collective aspiration to harness digital technologies as a 
means to enhance their competitiveness, bolster sales figures, boost productivity levels, and 
ultimately elevate their IP. The digital age of innovation and transformation has ushered in a 
new competitive landscape, particularly challenging for SMEs in developing countries. These 
enterprises are driven to embrace digital technologies in their pursuit of greater 
competitiveness, increased sales, heightened productivity, and improved innovation 
performance. The adoption of such technologies, as emphasized by research, can yield 
substantial gains in productivity. However, it is crucial to recognize the dual role of Digital 
Innovation and Digital Transformation in this context, with the latter's impact on innovation 
performance hinging on the organization's level of digital maturity (Nousopoulou et al., 2022). 
Companies that want to survive in today's market must innovate both in process and product 
or risk falling behind the competition, they should adopt advanced technology, and learn to 
implement new business methods (Li et al., 2022). DI refers to producing, disseminating, and 
adding value to a novelty that is limitless in scope (such as a new product, service, operation, 
or business model). Adopting new digital technologies has drastically changed how SMEs 
innovate digitally and focus on right applicability of BDAC. DT is a complex and challenging 
process, but it can be successful if organizations focus on these eight building blocks. These 
blocks include leadership, culture, capabilities, processes, metrics, resources, partnerships, 
and governance (Vial et al., 2019). 
Small and medium-sized enterprises (SMEs) play a crucial role in the development of 
economies like Pakistan. They drive economic growth, spark innovation, and generate 
employment opportunities. Despite their significance, SMEs in such countries often grapple 
with resource limitations, limited access to technology, inadequate government support, and 
a lack of expertise compared to larger corporations (Farhan et al., 2021). These challenges 
hinder their successful adoption of digital technologies. Our research aims to offer practical 
insights and recommendations to assist SMEs in navigating the digital landscape effectively. 
We bridge a gap in the existing literature by providing a comprehensive framework that links 
these variables and sheds light on how they collectively influence innovation performance. 
The existing literature often lacks in-depth exploration of the intricate relationships among 
DT, BDAC, DI, DPC, and their impact on IP. Drawing from the TAM, this study contributes 
significantly to the literature by examining the interplay between DI and DT. Furthermore, it 
addresses the research gap by expanding upon existing studies involving these variables, 
which still require further investigation when considered together. While these variables have 
been examined individually, systematic analyses that integrate them and assess their 
collective influence on SMEs operating in developing Asian countries are scarce. This research 
derives its motivation from both its practical relevance, aimed at supporting SMEs in their 
adoption of DT, and its theoretical significance in bridging the research gap pertaining to the 

http://www.irjmss.com/


 

 

International Research Journal of Management and Social Sciences, Vol. IV, Issue 3, July – Sep 2023 
ISSN (ONLINE):2710-0308 www.irjmss.com  ISSN (PRINT):2710-0316 

DOI: 10.5281/zenodo.10498159 
Digital Innovation, Digital Transformation, and Digital Platform Capability: Detrimental Impact… 

[ 267 ] 

correlations among these factors. Additionally, it offers valuable insights that can inform the 
development of strategies, policies, and practices geared towards fostering innovation and 
digital growth within small and medium-sized enterprises.  
This research focuses on analyzing new methods and tools for assessing the impact of BDAC 
on IP and understanding the factors influencing the success of BDAC implementation. Certain 
studies suggest relying only partially on digital technologies for innovation. Usai et al., (2021) 
claims that digital technology use had a negligible effect on IP while predicting innovation, 
organizations should consider investing in R&D. These results have changed the dilemma of 
only relying on digital technologies for innovation. This study investigates the relationship 
between DI, VCC, and DT, as well as the mediating and moderating impacts of DPC and big 
data analytics capabilities, respectively. This study addresses these research questions: 
 
2. Theoretical support and hypothesis development 
2.1 TAM theory 
The TAM integration provides understandings of how SMEs can adopt digital technologies 
like BDAC, DT, and DI to enhance IP. The main goal of the TAM was to clarify the mechanisms 
that drive the adoption of technology, with the aim of forecasting behavior and furnishing a 
theoretical rationale for the effective integration of technology. In our study, TAM theory has 
been integrated to adopt the digital technology trough DT. Several studies used TAM theory 
to adopt digital technology but as per best of researcher’s knowledge, literature missed the 
theoretical gap of integration TAM to in such a complex fusion of DI, DT, and BDAC, specifically 
in the context of SMEs operating in Pakistan. This study fills this gap and adds the literature 
by filling this theoretical gap.  
The integration of the TAM offers valuable insights into how SMEs can successfully embrace 
digital technologies like BDAC, DT, and DI to enhance their IP. Originally conceived by (Davis, 
1989), TAM was designed to elucidate the mechanisms driving technology adoption, aiming 
to predict behavior and provide a theoretical foundation for effective technology integration. 
In our study, we have employed TAM theory to guide the adoption of digital technology 
through DT. While previous research has applied TAM theory to digital technology adoption, 
our study stands out by addressing a notable gap in the literature. To the best of our 
knowledge, prior literature has overlooked the theoretical integration of TAM within the 
intricate fusion of DI, DT, and BDAC, particularly within the context of SMEs operating in 
Pakistan. Our research not only fills this critical theoretical gap but also contributes to the 
existing body of knowledge. 
 
2.2 DI and DPC 
In the digital age, DI and DPC emerge as pivotal concepts. DI involves the utilization of digital 
technologies to create something novel, whether it be a product or a service. This process of 
innovation is often intertwined with DT, as the advent of new technologies serves as a catalyst 
for innovation (Hadjielias et al., 2021; Robertsone et al., 2023). Research by Lee et al., (2019) 
has underscored the role of design science research in contributing to DI through the 
development of innovative IT artifacts. Conversely, DPC refers to the extent to which a 
company has embraced and effectively leveraged digital tools to enhance its operations (Khin 
et al., 2019a). Enterprises that have made substantial investments in their digital 
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infrastructure are better positioned for success in the realm of DI. DPC empowers 
organizations to identify digital opportunities, devise and implement digital solutions, and 
effectively manage digital risks (Tang et al., 2022). It represents an ongoing transformation 
that reshapes entire markets and positions businesses at the forefront of their respective 
fields. DI exerts a significant influence on organizational innovation, encompassing both 
opportunities and challenges (Tang et al., 2022). As highlighted by Khin & Ho, (2019a), DI is 
linked to improved and innovative organizational performance, manifesting in heightened 
efficiency and effectiveness through technology utilization. 
 
2.3 DPC and IP 
DPC serves as a vital component of a company's capacity to efficiently deliver digital services. 
For SMEs, embracing these digital services opens up new and innovative avenues to engage 
with customers through online platforms, mobile applications, and personalized digital 
experiences designed to meet their unique needs. This approach not only fosters customer 
loyalty but also drives increased sales and positive word-of-mouth recommendations (Peter 
et al. 2021; J. Su et al., 2023a). Moreover, DPC empowers SMEs to streamline internal 
processes and automate routine tasks. This operational efficiency, coupled with the utilization 
of data analytics, enables SMEs to allocate more time and resources toward innovation-
focused endeavors such as research and development, product enhancements, and 
exploration of novel business models. By gaining access to new markets, SMEs can tap into 
global customer segments and offer niche products and services that were once beyond their 
reach, thus stimulating innovation by exposing them to fresh ideas and competitive dynamics. 
DPC also facilitates collaboration among SME stakeholders and research institutions, 
fostering open innovation, crowdsourcing, and partnerships (Xu et al., 2022). Such 
collaborations yield valuable insights, feedback, and ideas that enable SMEs to remain agile 
and responsive to changes in the market landscape. Furthermore, DPC empowers SMEs to 
leverage Big Data Analytics Capability (BDAC) by accumulating, analyzing, and harnessing 
vast volumes of data. This data-driven decision-making approach empowers SMEs to make 
informed choices, identify innovation gaps, and tailor their products and services to align with 
innovation performance and customer needs (Bagale et al., 2021; J. Su et al., 2023b). 
 
2.4 DT and IP 
DT within enterprises plays a pivotal and positive role in bolstering IP (Guo & Xu, 2021). 
Research outcomes indicate that two critical factors, namely digital mindset and digital 
competence, exert a direct and favorable impact on DT. Additionally, DT serves as a mediating 
force, enhancing corporate performance through digital orientation and improving revenue 
performance via digital capability (Iqbal et al., 2021; Naveed et al., 2023; Rupeika et al., 2022). 
In light of these findings, policymakers are urged to actively encourage DT initiatives and 
invest in Research and Development (R&D) activities aimed at enhancing innovation 
performance. Moreover, DT exhibits the potential to enhance corporate social sustainability 
by reducing environmental impact and increasing resource efficiency (Liang et al., 2022). 
However, it's worth noting that the influence of Digital Innovation (DI) on long-term company 
viability is not evenly distributed. Larger corporations and those located in more developed 
regions tend to reap greater benefits from DT. This underscores the importance of 
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policymakers and managers alike in fostering DT to improve corporate sustainability and 
innovation. In particular, policymakers should prioritize initiatives that support the 
development and utilization of digital technology among SMEs and organizations operating 
in developing countries, thus ensuring a more equitable distribution of the benefits of DT 
(Zhang et al., 2022). 
 
2.5 The Mediating Effect of DPC and DT 
The impact of DT on innovation performance is strengthened when mediated by R&D 
capabilities within enterprises (Liang & Li, 2022) A systematic literature review conducted 
by Hausberg et al., (2019), analyzing over 1,054 research papers on DT and employing a 
citation network analysis, identified key research streams in DT research, emphasizing the 
roles of technology, organizations, and individuals. It posited that digital technologies hold 
the potential to enhance business performance and raised crucial questions about how 
organizations can adapt to the digital age and how individuals can develop the requisite skills 
and knowledge to thrive in the digital era, enabling digital capabilities.  
Notably, there remains a research gap regarding the examination of the impacts of DT on 
various aspects such as the environment, employment, and inequality. The adoption of digital 
technologies empowers businesses to embrace digital methodologies, fundamentally 
reshaping their approach to market positioning. DT allows businesses to revolutionize their 
interactions and operational management (Vial et al., 2019). The rapid evolution of digital 
technologies has ushered in new challenges and opportunities for innovation, making it more 
accessible for firms to innovate. DT, in conjunction with service capability, has emerged as a 
pivotal driver of innovation. Consequently, organizations that effectively integrate DT and 
Digital Platform Capability (DPC) are more likely to foster innovation. Nonetheless, questions 
persist regarding the need for further investigation into the mediating effects of DPC and DT 
on innovation performance. 
 
2.6 The moderating effect of BDAC  
Big data has emerged as a potent tool for catalyzing transformation in small and medium-
sized enterprises (SMEs). Through the collection and analysis of vast data sets, SMEs can 
uncover valuable insights into their customer base, market dynamics, and internal operations, 
leading to enhancements in efficiency, profitability, and innovation. SMEs adept at harnessing 
the potential of big data enjoy a substantial competitive advantage (Khan et al, 2022; Lytras 
et al., 2023). The adoption of Big Data Analytics Capability (BDAC) is on the rise among both 
small and large companies, including SMEs, as they recognize its potential to elevate 
Innovation Performance (IP). However, there remains a research gap in understanding the 
precise conditions under which BDAC exerts a significantly positive impact on IP (Bhatti et al., 
2022a; Mikalef et al., 2020). BDAC plays a pivotal role in nurturing innovation capabilities 
(Tongtong et al., 2022). In conclusion, BDAC holds immense potential to revolutionize 
business operations. By fostering innovation in products, processes, and systems, the use of 
BDAC can enhance overall operations and position businesses competitively within their 
industries. It is evident that the foundation of big data analytics (BDA) plays a significant role 
in shaping Organizational IP (Tempini et al., 2017). 
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2.7 Conceptual Framework 
 

 
Figure 1: Conceptual Framework 

 
3. Methodology 
3.1 Research samples and data collection 
The study's primary objective is to analyze the relationship between DT and DI on IP through 
DPC. This paper also investigates the role of BDAC in moderating the relationship between DI 
and IP. The study employed a quantitative approach which fits the current research objectives 
and scope. Data collected from different manufacturing sectors of SMEs by distributing online 
and off-line questionnaires. The two experts from industry and academia revised the 
questionnaire to make it reliable and understandable for the respondents with the help of 
pilot test. Around 846 questionnaires were distributed in November 2022 and researchers 
get complete responses in the May 2023. Interviews were conducted from CEOs and 
managers as they are the most relevant respondents for the nature of study regarding use of 
digital technologies. After getting 516 (61%) responses back, 110 responses were further 
excluded based on missing and improper data and remaining 406 responses were considered 
valid for further analysis. As per the selected sample meet the minimum sample selection 
criteria. 
The main objective of this study is to examine the relationship between DT and DI on IP 
through the mediation of DPC. Additionally, the research delves into the moderating role of 
BDAC in the relationship between DI and IP. A quantitative research approach was employed, 
aligning with the research objectives and scope. Data was gathered from various SMEs in the 
manufacturing sector through the distribution of both online and offline questionnaires. To 
ensure the reliability and comprehensibility of the questionnaires, they underwent revision 
by two experts from both industry and academia, with the assistance of a pilot test. The data 
collection process spanned from November 2022 to May 2023, involving the distribution of 
846 questionnaires. Subsequently, complete responses were obtained, and after excluding 
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110 responses due to missing or improper data, 406 responses were deemed suitable for 
further analysis. It's worth noting that, in accordance with guidelines provided by Hair et al., 
(2014), the selected sample size meets the minimum criteria for valid statistical analysis. 
 
3.2 Variables and measurement. 
This study used adapted all measure from top reputable journals. To measure DI, six items 
were adapted from, while DPC is measured by using five items of. DT were measured using 5 
items adopted from. Six items derived from and utilized to evaluate BDAC. Lastly, IP is 
measure by six items derived from. 
In this study, well-established measures from respected journals were adapted to assess the 
key constructs. To gauge Digital Innovation (DI), a set of six items were adapted from a study 
by Xu et al., (2022). Digital Platform Capability (DPC) was evaluated using five items originally 
developed by (Liu et al., 2023). The measurement of Digital Transformation (DT) drew from 
five items adopted from the work of (AlNuaimi et al., 2022). For Big Data Analytics Capability 
(BDAC), a set of six items was derived from the research conducted by (Al-Khatib, 2022). 
Lastly, Innovation Performance (IP) was assessed using six items, sourced from studies by 
(Carrasco-Carvajal et al., 2023; Espasandí n-Bustelo et al., 2023). 
 
3.3 Data analysis 
To validate the connections between multiple constructs in the newly proposed theoretical 
framework, PLS-SEM method is selected for statistical analysis (Hair et al., 2019). In order to 
investigate the causal relationships between independent and dependent variables and 
determine the extent to which the theories are supported or refuted, the advantages of Partial 
Least Squares Structural Equation Modelling (PLS-SEM) are being considered. 
 
4. Results 
4.1 Testing for convergent and discriminant validity 
1.4.1 Measurement model 
In the measurement model, to validate the reliability and validity of data, the values of outer 
loadings, Cronbach alpha (α), composite reliability, average variance extracted (AVE), and 
variance inflation factor (VIF) have met the defined thresholds by (Hair et al., 2019; Kock, 
2017; Sarstedt, 2019)(see Table 1). 

Table 1: Reliability and Validity 
Items loadings Variables Alpha Rho_a CR AVE Outer VIF 
BDAC1 0.799 BDAC 0.824 0.887 0.874 0.550 1.700 
BDAC2 0.744      1.806 
BDAC3 0.775      2.915 
BDAC4 0.738      1.114 
BDAC5 0.839      3.502 
BDAC6 0.831      2.337 
DI1 0.793 D I 0.861 0.896 0.897 0.596 3.032 
DI2 0.796      1.635 
DI3 0.763      2.573 
DI4 0.919      4.444 
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DI5 0.827      3.133 
DI6 0.706      1.491 
DPC1 0.707 DPC 0.751 0.802 0.830 0.502 1.429 
DPC2 0.851      1.858 
DPC3 0.791      1.706 
DPC4 0.748      1.441 
DPC5 0.701      1.250 
DT1 0.807 DT 0.715 0.741 0.739 0.522 1.095 
DT2 0.718      2.109 
DT3 0.703      1.714 
DT4 0.703      1.716 
DT5 0.712      1.539 
IP1 0.777 I P 0.834 0.845 0.877 0.545 2.315 
IP2 0.797      1.780 
IP3 0.742      4.401 
IP4 0.812      2.035 
IP5 0.719      4.271 
IP6 0.774           1.514 

 
The assessment of discriminant validity involved Heterotrait-Monotrait (HTMT), cross 
loading, and Fornell-Larcker Criterion. According to (Hair et al., 2019), there was a lack of 
collinearity for all HTMT ratios that were lower than the cutoff value of 0.90. In Table 2 and 3 
HTMT, cross loadings, and Fornell-Larcker Criterion values are below the threshold (Hair et 
al., 2019). 

Table 2: HTMT Ratio and Fornell-Larcker Criteria 
HTMT 

Items BDAC D I DPC DT I P 
BDAC      

D I 0.214     

DPC 0.718 0.380    

DT 0.239 0.337 0.542   

I P 0.595 0.568 0.872 0.468   
Fornell-Larcker Criterion 

Items BDAC D I DPC DT I P 
BDAC 0.742     

D I 0.162 0.772    

DPC 0.504 0.311 0.709   

DT 0.107 0.277 0.578 0.610  

I P 0.521 0.492 0.738 0.488 0.758 
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Figure 2: Structural Model 

Table 3: Cross Loadings 
Items BDAC D I DPC DT I P 
BDAC1 0.799 0.208 0.381 0.158 0.567 
BDAC2 0.744 0.082 0.423 0.113 0.348 
BDAC3 0.775 0.034 0.481 0.128 0.378 
BDAC4 0.738 -0.009 0.136 -0.064 0.163 
BDAC5 0.839 0.131 0.422 0.026 0.346 
BDAC6 0.831 0.176 0.327 0.000 0.355 
DI1 -0.005 0.793 0.324 0.343 0.395 
DI2 0.199 0.696 0.209 0.244 0.353 
DI3 0.072 0.763 0.254 0.194 0.309 
DI4 0.174 0.919 0.318 0.270 0.517 
DI5 0.171 0.827 0.184 0.167 0.342 
DI6 0.167 0.596 0.077 -0.038 0.312 
DPC1 0.170 0.156 0.707 0.504 0.574 
DPC2 0.405 0.343 0.851 0.592 0.633 
DPC3 0.371 0.315 0.791 0.341 0.619 
DPC4 0.299 0.123 0.648 0.321 0.300 
DPC5 0.710 0.054 0.791 0.149 0.384 
DT1 0.158 0.268 0.648 0.807 0.451 
DT2 0.080 0.187 0.228 0.648 0.324 
DT3 -0.123 0.006 0.055 0.503 0.040 
DT4 0.041 -0.012 0.110 0.430 0.155 
DT5 -0.120 0.148 0.170 0.592 0.200 
IP1 0.335 0.542 0.482 0.351 0.777 
IP2 0.299 0.330 0.399 0.247 0.697 
IP3 0.444 0.289 0.464 0.346 0.742 
IP4 0.350 0.356 0.702 0.589 0.812 
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IP5 0.409 0.275 0.454 0.357 0.719 
IP6 0.478 0.376 0.604 0.197 0.674 

 
5. Discussions Results 
5.1 Structural Measurement Model 
The structural equation model has been shown in figure 2. The model goodness is indicated 
by the beta coefficient value of latent variables and R2  (Briones et al., 2018). Better model 
fitness requires higher values of R-squared (Hair et al., 2019). To further validate the model, 
structural model has been tested at 10,000 bootstrap sample rotations for the significance 
levels of the estimates (t-statistics) and R2 values (Hair et al., 2019). Results show that R2 has 
explained 24.5% and 36.3% variance for DPC and IP respectively.  
The outcomes of the study's hypothesis tests are presented in Table 4. According to the 
findings, both the beta and p values of direct path for the standardized coefficient of DI, DPC, 
DT, and BDAC are found significant with IP. This suggests that SMEs who are actively adopting 
and implementing digital technologies, must have a greater chance of effectively transforming 
digital initiatives. SMEs which collaborate with external partners and incorporate their 
feedback into the DT process are more likely to obtain the benefits of digital technology. 
Having direct, positive, and significant effect of DI on DPC establishes that businesses that 
prioritize and invest in technological initiatives like DI, are more likely to develop and refine 
their digital service capabilities. Furthermore, DI and DT has positive, direct, and significant 
impact over DPC. Therefore, these hypotheses for direct effect are accepted with significant p 
value at 0.01***, at 0.05**, and at 0.10*, respectively. 

Table 4: Path Analysis 
Direct Path Analysis 

 Hypotheses Beta Mean SD T value P value Dec 
H1a D I -> DPC 0.164 0.164 0.051 3.220 0.001** Acc 
H1b D I -> I P 0.273 0.277 0.040 6.786 0.000*** Acc 
H2 DPC -> I P 0.519 0.518 0.048 10.793 0.000*** Acc 

H3a DT -> DPC 0.533 0.540 0.044 12.247 0.000*** Acc 
H3b DT -> I P 0.095 0.095 0.044 2.184 0.030** Acc 
H4 BDAC -> I P 0.262 0.260 0.033 7.948 0.000*** Acc 

Indirect Path Analysis/Mediation 
 Hypotheses Beta Mean SD T value P value Dec 

H5 D I -> DPC -> I P 0.085 0.084 0.026 3.281 0.001** Acc 
H6 DT -> DPC -> I P 0.276 0.280 0.041 6.775 0.000*** Acc 

 Total indirect Path Analysis 
 Hypotheses Beta Mean SD T value P value Dec 
 D I -> I P 0.085 0.084 0.026 3.281 0.001** Acc 
  DT -> I P 0.276 0.280 0.041 6.775 0.000*** Acc 

Moderation 
 Hypotheses Beta Mean SD T value P value Dec 

H7 BDAC x D I -> I P -0.074 -0.076 0.044 2.012 0.096* Acc 
H8 BDAC x D T -> I P 0.123 0.132 0.024 2.906 0.000*** Acc 
DI = Digital Innovation, DT = Digital Transformation, DPC = Digital Platform Capability, 
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BDAC = Big Data Analytics Capability, IP = Innovation Performance 
 

5.2 Path Analysis  
The findings reveal that DI, DT, DPC, and BDAC have positive, significant and direct impact on 
IP. To explain H1a: DI positively influences DPC with beta coefficient of 0.164, which is 
statistically significant (p < 0.001). This suggests that as DI increases, DPC also increases. All 
other direct path are shown in Table 4. This study uses mediation model where DPC is 
mediating the relationship between DI _> IP and DT _> IP. This shows that DPC is important 
for transforming DI and adopting DT into tangible results, such as improved IP. H5 explains 
DI indirectly influences IP through DPC with beta coefficient of 0.085, which is statistically 
significant (p < 0.001). This suggests that DPC partially mediates the relationship between DI 
and IP. This implies for SMEs to develop, prioritize, and enhance their DPC to improve SMEs’ 
overall IP. In addition to that, results reveal that DPC significantly and partially mediates the 
relationship between DT and IP. All indirect mediating hypotheses are partially mediated and 
accepted. 
Nevertheless, the moderating effect of BDAC between DI and the statistical significance but 
detrimental effect on IP occurs at p value < 0.10 at (T value = 2.012, P value < 0.096) and BDAC 
also has positive moderating effect on the relationship between DI and IP. The acceptance of 
H7 at 10% of probability value are rare but it has been proven before in the literature 
(Greenland et al., 2016). Based on statistical significance it is also acceptable at T statistics of > 
2 and it also depends on the criteria set by scholars (Li et al., 2009) as well which are also 
considered as significant hypothesis at beta value > 2 (Reichelt & Wang, 2010). The results 
indicate that the capacity to execute big data analytics appears to have a negative but 
statistically significant moderating influence on the relationship between DI and IP. This 
indicates that a greater proficiency in BDAC may be able to mitigate or eliminate creativity of 
innovation to enhance IP. These results and statistical importance of this moderating effect 
are negative. As big data analytics capabilities expand, this proves that the relationship 
between DT and innovation success is deteriorating. 
 
6. Conclusion and Discussion 
This study illuminates several significant findings regarding the interplay of key variables. 
Firstly, it confirms that DI exerts a direct and positive influence on DPC. Simultaneously, DI 
has a direct and significant impact on IP. Moreover, the research uncovers an important 
pathway whereby DI significantly enhances IP through DPC. Furthermore, the study reveals 
that DT can directly enhance the performance of SMEs and, importantly, does so through its 
positive impact on DPC. Additionally, BDAC emerges as a noteworthy moderator in this 
context, positively and significantly moderating the relationship between DPC and IP. 
Intriguingly, BDAC exhibits a negative yet significant moderating effect on the relationship 
between DI and IP, implying that BDAC can enhance SME performance when integrated with 
DPC but is not as effective when combined with DI. These findings align with previous 
research, particularly in line with the perspectives presented by (Lytras et al., 2023) 
suggesting that excessive reliance on BDAC can present both challenges and benefits within 
the realm of DT. An over-dependence on BDAC may potentially stifle employee creativity, 
especially when confronted with novel and unfamiliar problems, as supported by prior 
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studies (Danah et al., 2011; John et al, 2013; Stitzlein et al., 2021).  
Moreover, the study provides compelling evidence supporting the positive impact of DT on IP 
and its positive influence on DPC. These findings are consistent with prior research conducted 
by (Chuang et al., 2015; Lytras et al., 2023; Mennens et al., 2018b; X. Su et al., 2022; Tang et 
al., 2022). In the broader context of DT, technology not only spawns new business 
opportunities and strategies but also augments support, innovative capabilities, expansion 
prospects, and competitive advantages for established enterprises. When SMEs employ 
information systems to embrace social media and harness big data analysis, it inherently 
enhances and broadens organizational development. This underscores that businesses 
equipped with advanced IT capabilities are better poised to successfully adopt and implement 
DT (AlNuaimi et al., 2022). 
The findings of this study provide compelling insights into the relationships between key 
variables. Firstly, it's clear that DI exerts a positive influence on both DPC and IP. Interestingly, 
the impact of DPC on IP is positively mediated by BDAC. However, the relationship between 
DI and IP is significantly influenced in a negative manner by BDAC. These results are 
consistent with prior research, particularly in line with the perspectives presented by (Usai 
et al., 2021) They challenge the notion of relying solely on digital technologies, specifically 
BDAC, as the driving force behind innovation. It is evident that researchers and decision-
makers should not place exclusive emphasis on digital technologies, particularly BDAC, to 
spur innovation. Instead, they should prioritize the use of digital technologies to foster 
creativity and support Research and Development (R&D) efforts. Failing to address this 
erroneous belief could have detrimental consequences in the long run. Overly heavy 
investments in digital technologies at the expense of other critical factors such as creativity 
and R&D may ultimately lead to a decline in Innovation Performance (Usai et al., 2021). The 
application of big data is undeniably important, but it should be approached judiciously. 
While strong BDAC capabilities may better prepare businesses for the adoption of DI and DT, 
an overreliance on big data can stifle creativity and impede independent decision-making 
(Danah et al., 2011; John et al, 2013; Stitzlein et al., 2021). Even for businesses equipped with 
extensive big data analytic capabilities, fully realizing the IP benefits of DI can prove 
challenging (Lytras et al., 2023). 
 
6.1 Theoretical Implications 
In the context of developing nations, the cultural landscape plays a significant role in shaping 
the acceptance of technology. To understand this intricate interplay of cultural values, beliefs, 
and norms that influence technology acceptance, the TAM provides a valuable framework. 
TAM bridges this gap by incorporating the concepts of DI and the acceptance and implications 
of DT. Through the integration of TAM theory, this paper delves into how these factors, 
including individual perceptions and beliefs regarding technological acceptance, interact and 
impact TAM constructs within SMEs operating in Pakistan. The study's findings shed light on 
the attitudes of managers, executives, and CEOs within SMEs, revealing their openness to 
accepting new technology and their readiness to embark on digital transformation endeavors. 
These findings, in turn, signify the successful application of the TAM model within this context, 
underscoring its efficacy in explaining and predicting technology adoption and innovation 
performance within SMEs in Pakistan. 

http://www.irjmss.com/


 

 

International Research Journal of Management and Social Sciences, Vol. IV, Issue 3, July – Sep 2023 
ISSN (ONLINE):2710-0308 www.irjmss.com  ISSN (PRINT):2710-0316 

DOI: 10.5281/zenodo.10498159 
Digital Innovation, Digital Transformation, and Digital Platform Capability: Detrimental Impact… 

[ 277 ] 

6.2 Limitations and Future Recommendation 
This study acknowledges two primary limitations. Firstly, the relatively small sample size of 
303 respondents drawn exclusively from SMEs in Pakistan may limit the generalizability of 
the findings to a broader context. Secondly, the study relies on two specific theories, notably 
TAM, which centers on understanding the cultural values, beliefs, and norms of respondents 
influencing technology acceptance. It's important to note that these factors can vary 
significantly across regions and types of organizations, which can be considered a limitation 
as this study focuses on a specific segment of SMEs. To address these limitations and provide 
directions for future research, several recommendations can be made. Firstly, further 
investigation is warranted to identify additional moderating factors, such as organizational 
culture, leadership style, or industry-specific elements, that may influence the relationships 
between DPC, DI, DT, BDAC, and IP. This will enhance our understanding of the nuanced 
dynamics at play. Secondly, future studies could benefit from a comparative analysis, 
exploring the effects of different industries, organizational sizes, or geographical regions on 
the relationships under investigation. Examining these variations can provide valuable 
insights into unique challenges, best practices, and contextual differences that may arise in 
diverse settings. Lastly, employing mixed-methods approaches in future research endeavors 
can offer a more comprehensive understanding of the intricate and multifaceted relationships 
between DPC, DI, DT, BDAC, and IP. This approach would allow for a more holistic exploration 
of these complex dynamics, enriching our knowledge in this field. 
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